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Abstract: We exhibit a copula representation of the (r, s)-th bivariate
order statistics from an independent sample of size n. We give conditions when
such a representation converges weakly to a bivariate Gaussian copula. A
recurrence relationship between the density of the order statistics is presented
and related Fréchet bounds are given. The usefulness of those results are

stressed through examples.
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1 Introduction

Copulas are important in statistical modeling since they connect the marginal dis-
tributions to restore the joint distribution, or as typically explained “a copula cou-
ples a joint distribution function to its univariate margins”, see e.g. Nelsen (1999,
p. 15). The copula theory has an incredible evolution during the last decade,
motivated by its application in probability theory, statistics, finance, insurance,
economics, see for example Cherubini et al. (2004) and references therein. One
important dependence structure in Statistics is the order statistics. In this paper
we bring some contribution on the bivariate order statistic distribution based on
copula.

At first, let us outline several basic facts concerning bivariate copulas. A two-
dimensional copula is a function C : [0,1]? — [0,1] such that

(i) C(t,0) = C(0,t) =0 and C(t,1) = C(t,1) =t for all ¢ in [0, 1];

(ii) C is 2-increasing, i.e.

VC([ul,UQ] X [1)1,1)2])2: C(UQ,’UQ) — C(Ul,’l)g) — C(Ug,vl) + C’(ul,vl) Z 0,

for all uy, ug,v1,vs € [0,1] with u; < ug and v1 < vg. Alternatively, copulas can be
defined as follows: Let X and Y be continuous random variables with distribution
functions F(z) = P(X < z) and G(y) = P(Y < y), and joint distribution function
H(x,y) = P(X < ,Y <y). For every (x,y) in [~00,o0]? consider the point in
[0,1]® with coordinates (F(x),G(y), H(z,y)). This mapping from [0,1]? to [0,1]
is a copula.

Both copula definitions are connected by the following basic theorem, e.g.
Sklar (1959), which also partially explains the gist of copulas.
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Sklar’s Theorem Let H be a two-dimensional distribution function with marginal
distribution functions F and G. Then there exists a copula C such that H(z,y) =
C(F(z),G(y)). Conversely, for any distribution functions F and G and any copula
C, the function H defined above is a two-dimensional distribution function with
marginals F and G. Furthermore, if F and G are continuous, C is unique.

Given a joint distribution function H with continuous marginals F' and G, as
in Sklar’s Theorem, it is easy to construct the corresponding copula: C(u,v) =
H(F&Y(u), GEY(v)), where F(—1) is the cadlag inverse of F, given by F(~1(u)=
sup {z |F(z) <u} (and similarly for G(-). Note as well that if X and Y are
continuous random variables with distribution functions as above, then C' is the
joint distribution function for the random variables U = F(X) and V = G(Y)
which are uniformly distributed on [0, 1], to be denoted hereon by U(0,1).

It is easy to show that if H is a bivariate distribution function with marginals
F and G, then maz{F(z) + G(y) — 1,0} < H(z,y) < min{F(x),G(y)} or, since
H(z,y) = C(F(x),G(y)) , maz{u+v—1,0} < C(u,v) < min{u,v}. Those
inequalities are known as the Fréchet-Hoeffding bounds.

There are few results in literature relating the order statistics and associated
copulas. The random variables max(X,Y’) and min(X,Y") are the order statistics
for X and Y. Then, e.g. Nelsen (1999, p. 25),

P(maz(X,Y) < t) = C(F(t), G(1))
and
Pmin(X,Y) <t)=F(t)+G(t) — C(F(t),G(t)).

The above relations are generalized by Georges et al. (2001) as follows: Let
(X1,...,X,) be a set of continuous random variables with F;(z) = P(X; < z), i =
1,2,...,n. Denote by C), the associated copula and let X,..,, be r-th order statistic
(1 <r < mn). Then its distribution function F,.,(t) = P(X,., <t) is given by

[Xk;(—1)k—z (’;) S Culors. .. ,Un)] , (1.1)

r Li=

Frn(t) =

k

n

where ) denotes summation over the set

{(Ulw"avn) € [Oal]n | v € {E(t)al}az(s{l}(vz) =n- k}
i=1

with 91y (v;) = 1if v; = 1, and 0 otherwise. It is not hard to see from (1.1), that

Fl:n(t) =1- Cn(Sl(t)7 R Sn(t))a

where C,, is the survival copula and S;(t) = 1 — F;(t). We also note that
Xnm = max(Xi,...,X,) and its distribution function is the diagonal section
of the multivariate distribution F,.,(¢t) = Cn(F1(¢),..., Fa.(t)).
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We may also characterize other statistics which are relevant in reliability, life
modeling or risk analysis. For example, one could be interested in the range
X — X1y Or subranges X, ., — X;,., for r1 > 9. However, in order to derive
explicit formulas, we need the joint distribution of X,,., and X,,.,. In the case
of independent and identically distributed random variables, Balakrishnan and
Cohen (1991) give more friendly formulas for the density. Nelsen (2003) found the
copula C ,, of Xi., and X,

Ch,n(u,v) =v—[maz{(1 - u)% +ow — 1,0}]™.

In the general case, the problem is open. One solution is then to use Monte
Carlo methods, as suggested by Georges et al. (2001). A recent study on the
degree of association of pairs of ordered random variables is provided Avérous et
al. (2005).

The purpose of this paper is to shed light in terms of copula on the dependence
structure between r-th and s-th order statistics corresponding to n independent
observations from (X,Y). In Section 2 we give a copula representation of the
joint distribution function of r-th and s-th order statistics corresponding to X
and Y given the associated copula C, as well as the related Fréchet bounds in
the last section. We find in Section 3 the asymptotic distribution in the case
when r/n — A; and s/n — Ay as n — oo such that 0 < A\, Ao < lor Ay =0
and A2 = 1, the increasing rank case in Barakat (2001). In Section 4 we show
a recurrence relation. The usefulness of results is demonstrated with numerical
examples.

2 Order statistics copula

Consider a bivariate distribution function with continuous margins and n indepen-
dent observations from the population (X,Y). Let (X1,Y7),...,(X,,Y,), n > 2
be a sample from continuous distribution with copula C' and marginals F' and G
respectively. Let X,.,, and Y., be the order statistics of the sample, 1 < r, s < n.
In this section we find the copula Cx,.,, v,., associated to the order statistics X,.,
and Y., as a function of C.

Define, for each pair (z,y) € [—o0, 00]?

R, =Y I{X; <z} and R,=>» I{Y; <y},
J=1 j=1

where I{.} is the indicator function. Therefore, R, ~ Bin(n,p) and R, ~
Bin(n,q), with p= P(X <z) = F(z) and ¢ = P(Y <y) = G(y).

Since F(z) and G(y) are continuous the pairs {(X1,Y1),...,(Xn,Y,)} can
be transformed into {(U1,V1),...,(Un,Vo)} by U; = F(X;) ~ U(0,1) and V; =
G(Y;) ~ U(0,1). Therefore, p = F(z) = v and ¢ = G(y) = v. Now, note that
for all (u,v) € [0,1]? for which u = F(z), v = G(y), Ry, = > =1 H{Uj < u} and
R, =37 I{V; < v} we get

P(X'r:n <z,Ysp < y) :P(Ru >r, Ry, > 3) :P(Ur:n <u, Vip < 'U);
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where U,.., and V., are r-th and s-th order statistics corresponding to n indepen-
dent observations from (U, V).
Since the joint distribution of (R,, R,) is bivariate Binomial, we have that

HU'{':?Lyvszn (U,U) = P(Ur:n <u, Vip < U) = P(Ru >r R, > S)

" sl (u —G)Jm(v—@)k_m(l—u—v+9)"_j_k+m
=222 m! (G —m)! (k—m)! (n—j — k+m)! ’

j=r k=s m

where § = P(U <,V <wv) = C(u,v) and m is the number of pairs (U;, V;) such
that U; <wand V; <wv, j=1,...,n,ie., max(0,j + k —n) <m < min(j, k).
The marginal distributions of P(U,.,, < u, Vs.,, < v) are

n n

P(U,«;ngu):Z(?)uj(l—u)"j and P(Viy, <w) = Z( ) (1—v)"k,
Jj=r =s

which, in fact, are Beta distributed random varlables i.e. Up.p ~ Beta(r,n—r+1)

and V;.,, ~ Beta(s,n —s+1). Let 6;71 1 and B} n—s+1 be the inverses of these

Beta distributions.

The copula associated to order statistics of the pair (X,.,, Ys:) is the same
copula of the pair (U,.,, Vs.n), see also Lemma 6 in Avérous et al. (2005), i.e

-1 -1
CXT:mYs: ( ) CU’V‘ n,Vs: (w’t) = HUr:mVs:n (ﬁr,n—'f—i—l(w)? s,n—s—i—l(t)) .
Thus, we obtain the following statement.

Theorem 1 Under the above notations the copula Cy,., s given by

n,Vsin

& r'rlzr 1( )ﬁ;'rlz s l(t))m
Crn,wwtzz_:zzm:], )(k+m)(n ]iker)

x| r,'rlz—r-i-l(w) - C( T'_,:L—T'-i-l(w)? s_,rlz—s—i-l(t))]j_m
x [ s_,7lzfs+1(t) - C( r_'rll r+1(w) 5_,71175+1(t))]k7m

X [1_ rrlz r+1( )_ ;»,1175+1()+C( ' n— T+1(w)7 ;rlzferl(t))]n_j_k—i_m-

The formula given by Theorem 1 presents a relation between the copula C
associated to the random vector (X, Y') and the copula of order statistics Cy..,, v.., -
Therefore, we can do inferences about Cy, . v.., knowing C.

In fact, the statement of Theorem 1 can be obtained as a consequence of Exer-
cise 2.2.2 given in David (1981, p. 25) and relation C'(u,v) = H(FY (u), GV (v)).

3 Asymptotic copula
In this section we derive from the limit distribution of the pair (R,,R,) the

asymptotic copula in order to find an approximation to the joint distribution of
(X'r:n; st) .
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In Barakat (2001) properties of joint distribution (R, R,) are investigated,
and as consequences, limiting distribution results are obtained for the vector
(Xrin, Ysun) where 1 < r,s < n. For fixed r,s > 1, as n — oo, the pair (r,s)
is called fixed rank (or the case of extreme order statistics). When r,s — oo as
n — o0, (r,s) is called increasing rank. One particular rate of increase of spe-
cial interest in this work is when r/n — A\ and s/n — Ay as n — oo such that
0 <A1, A2 <1lor A\ =0,) = 1. Additionally, Barakat (2001) presents nine other
cases covering the possible asymptotic distributions of bivariate order statistics.
We consider only the increasing rank case, but the method elaborated here can
be applied similarly in the other cases.

We extract the asymptotic copula, denoted by C?, from the limiting distribu-
tion of (R,, R,) and use the corresponding approximation to evaluate the joint
distribution function of order statistics (X,.n, Ys:n), as follows.

The basic result in Barakat (2001) is Theorem 2.2, which gives the conditions
for the following convergence

R, —nu R, — nv n%oo Y
\/nu(lfu)’ V/no(l —v) P
d

—_— . . . . . .
where n — co means a convergence in distribution and AN, denotes the bivariate

Normal distribution with zero mean vector and correlation coefficient given by
. C(u,v)—uv
P= wo(l—u)(1—v)

The above theorem in our notation has the following form,

Theorem 2 Let min(n -, r) — oo and min(n — s,s) — oo when n — oo.
Furthermore, let r/n — A1 and s/n — Ay as n — oo such that 0 < A\, Ay < 1 or
A =0and X =1. If

C(u,v) —ww

P Vuv(l—u)(1 —v)

PRy R, = Corr(Ry, Ry) n — 00

for a fized value of p such that |p| <1,
r—nu 5§ —nv
- o
nu(l —u) nv(l —v)
hold for fized constants 71 and 7o, then
p R, —nu < T —nu , R, — nv < s —nv
Vnu(l—u) ~ y/nu(l—u) /no(l—v) ~ /no(1—0)
where ®, is the accumulated joint distribution function of N,. O

Under the above conditions and from the fact that C(w,t) = H(F~}(w),
G~1(t)), the asymptotic copula C® of (R,, R,) is given by

Cw,t) = (&7 (w), (1))

d
) n—oo ®,(r1,72),
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and the corresponding survival copula has the form

—1 -1

C'(w,t) =,(B  (w),d (1))

Using the asymptotic survival copula C" we can find an approximation for
the join survival distribution of (R,, R,). The marginals R, ~ Bin(n,u) and
R, ~ Bin(n,v) and under conditions of Theorem 2 we have

FRu,Ru (Ta 5) ~ 6{1 (E(na U, T)v E(na v, S)>

-3, <5‘1 <§(n, u, 7")) 3 (E(n, v, s))> .

where B(n,u,r) = P(R, > ) and B(n,v,s) = P(R, > s). Since P(R, > r) =
P(U,., <u) and P(R, > s) = P(Vs., <w), we get

%, (57 (Bun). 5 (Blno) )
=9, (51 (ﬁr,n—r-ﬁ-l(u)) T (ﬁs’”_erl(U))) .

But Hy,., v..,(u,v) = Hg, r,(r,s) and under conditions of Theorem 2
Hy,....v...(u,v) can be approximated by

HUTm,VS:n (u, 'U) ~ 6p (61 (ﬁr,n—'f—i—l(u)) ; 671 (ﬁs,n—s—i—l ('U))) .

_ Now, using the well know relation C(w,t) = w+t—1+ C(1 —w, 1 —t) where
C(w, t) is the survival copula, we have

Hy,., v... (u, v) wﬁr,n—r-i-l (U) + ﬁs,n—s-{-l (’U) — 1+
(I)p ((I)il (1 - ﬂr,nfrJrl (u)) ) @71 (]- - 6s,n75+1 (U))) .

Finally, using v = F(z) and v = G(y) and the relationship Cx,  v.., =
we obtain

Cu,

rinsVsin s
HXv-;n,Ys;n (:L'a y) zﬂr,nfrJrl (F(IL')) + 6s,n75+1 (G(y)) -1+

o, (@*1(1 — Brn—rs1(F(2))), @7 (1 - 6S,n75+1(G(y))))-
(3.1)

Remark 1. It is worth to note that the copula of (Uy.n, Vs.p,) is different than the
copula of (R, R,). In this work, we extract the asymptotic copula of (R,, R,) in
order to find an approximation for P(R, > r, R, > s) and then by relationship
PU < u,Vep <v)=P(R, > 1, R, > s) we obtain the asymptotic result. O
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Next, we give an application example to (3.1).

Example 1 Consider the bivariate Normal distribution with zero mean, unit
variances and correlation coefficient —0.5. Let us calculate P(Xg.10 < , Y10:.10 <
y). For x = 1.5 and y = 1.8, we have F(z) = 0.93319, G(y) = 0.96406 and
C(F(x),G(y)) = 0.897319. The exact value of P(Xog.10 < z,Y10.10 < y) can be
computed by the formula given in Theorem 1, i.e.

P(Xg.10 < 2, Y10:10 £ y) = P(Ug:10 < u, Vig:10 < 0)
=P(Ug.10 < F(z), V10110 < G(y))

=10 x C(F(x),G(y))"[Gly) — C(F(x),G(y))] + C(F(x),Gy)) "
=0.5902.

For our data we calculate

. C(F(z),G(y) — F(x)G(y)
VF(@)G(y)(1 - G(y))(1 — F(z))
B 0.897319 — 0.93319 x 0.96406
~/0.93319 x 0.96406(1 — 0.93319)(1 — 0.96406)
= —0.0504337

and using (3.1) we obtain

Hx, ., v, (2,y) = ©, (571(59,10—%1(1’(30)))571(510,10—10“(@(?/))))
=3, (6‘1 (0.85942), @ " (0.69356))
= 0.85942 + 0.69356 — 1
+, (q>—1(1 ~0.85942), & 1(1 — 0.69356)>
= 0.5922.

As we can see, the asymptotic copula is easy to calculate and gives a good
approximation even when a small sample size is used. O

4 A recurrence relation

In the univariate case, a number of recurrence relations between the densities and
the moments of order statistics are available, e.g. Arnold and Balakrishnan (1998)
and David (1981). We shall derive a similar result for the distribution of bivariate
order statistics.

Let us define the events

A= {U'r‘—l:n—l <u< U’r':n—l; Vo1 < U}a
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B = {Urflznfl S u < Urznfla ‘/;71:"71 S v < Vvs:nfl}

and
D= {Urzn S u < UT+1Z’I’17VSZ’I’L § U}

for u,v € [0,1]. Then

P(A) = P(U'f—lzn—l <u,Vap—1 < U) - P(Ur:n—l <, Vep-1 < 'U);

P(B) = P(UT—I:n—l < uv‘/;'—l:n—l < U) - P(Ur—l;n_l < u, Veno1 < ’U)
P(Ur:n—l <, Vitm—1 < 'U) + P(Ur:n—l <u,Vep-1 < U)

P(D) = P(Ur:n <, Ve < U) - P(Ur—i-l:n <, Ve < 'U)-

Theorem 3 Under the above notations the following relationship holds
nP(B)C(u,v) = rP(D)+nP(A)u (4.1)

for2<r,s<n-—1,n>2.

Proof. Consider a sample of size n for which the event D occurs. Partition this
sample randomly into two subsamples, one of size (n — 1) and one with size 1.
Consider the event

E = {the observation singled out has U-value < u}.
Then we have P(D N E) = P(D)P(E|D) = 20 Denote by A; and B; the
events

Oy = the event A occurs for the sample size n — 1
v and the observation singled out has U-value < u

and

the event B occurs for the sample size n — 1
Qv = and the observation singled out has
U-value < uw and V-value <wv

Clearly, Qu and Qv are disjoint, and the event D N E can occur if and only if
either Qu or Qv occurs. Hence,

PN E) = PQu) + PQv) = TP —up(a) + PU < u,v < 0)P(B).

From Sklar’s Theorem we have

P(Ur:n <u, Vo < U) = CVUTm,Vsm (ﬁr,n—r+1(u); ﬁs,n—s-{-l(”)) = CUTm,VS:n(wvt)a
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where u = ﬂ;}krﬂ(w) and v = ﬂ;}ksﬂ(t) are the inverses of Beta(r,n —r +1)

and Beta(s,n — s + 1) distributions, respectively.
Then,

i
=
I

P(Urflznfl S u, Vvs:nfl S ’U) - P(Ur:nfl S u, Vvs:nfl § U)

= CU‘r'fl:'rLflst:nfl(w? t) - CU‘V':nflng:'rLfl(w? t)a

P(B) = PUr-1m-1<u,Vi_tin—1 <v) — P(Ur—1:n—1 <4, Veip—1 < 0)
— PUrin—1 <u,Vse1n—1 <) + P(Upin—1 < U, Vi1 < 0)
= CU‘r'—l:n—lyvs—l:n—l (wv t) - CU'{':nflyvsfl:nfl (wv t)
CU, i1 Va1 (0, 1) + Cu oy Vi (w0, 1),

P(D) = P(Ur:n <, Vin < 'U) - P(Ur-',-l:n <u,Vin < U)
CU,op Vern (W, 1) = Cupy Vi (w5 1),

and
PU <u,V <wv) =C(u,v) = C( 7:711—7“+1(w)’ ;711—s+1(t))'
Combining the last five relations we obtain

COA Ak ) = SRE =0 h

ie. (4.1). O
Remark 2 For convenience, let us substitute
Crsm(w,t) = Cu,., Vi Brin—rs1(u), Bs,n—s4+1(v)) = P(Urin <, Vorn S 0)
and introduce the difference notations A; and Ay defined as
A1Cysn(w,t) = Criy1sin(w, ) — Crsin(w, 1),
ACy s (w,t) = Cr sy1m(w, 1) — Cr sin(w, 1)

and
AI,QCr,s:n(wa t) = A1 [A2cr,s:n (’UJ, t)] .

Then, note that
P(A) = *Alcrfl,s:nfl(w;t)a P(D) = 7Alcr,s:n(w7t)
and P(B) = A12Cr_1,5—1.n—1(w, ). Thus, the relation (3) can be rewritten as
%Alcr,s:n (U}, t) = UAlcrfl,s:nfl(wa t) - C(wa t)Al,QCrfl,sflzn(wa t)

The last formula can be used to compute recursively the value of the joint density
of order statistics. O
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5 Fréchet bounds

The inclusion-exclusion formula states that if Aq,..., A, are n events, and if the
probability of occurrence of at least r of them is denoted by P(r;n), then

-3 oo (7 Do,

m=r

where

W(m) = > P(NT1Ay),

1<i1 <...<im<n

see e.g. Feller (1968). If one defines A; = {X; < z}, i = 1,...,n, then for the
corresponding order statistics X,.,, we have

n

P <a) =30 (M) Y pogx <. G

m=r 1<ii < <im<n

To find the joint distribution function P(X,.,, < z, Y., < y) of order statistics
from dependent random variables X and Y, one is led to consider an extension of
(5.1) for the case of K > 2 (finite) classes of events.

Let Ay,..., A, and By, ..., B, be two classes of events. For integers r and s,
1 <r,s <n define

P[r, s;n] = P{exactly r A;’s and exactly s B;’s occur}

and
P(r,s;n) = P{at least r A;’s and at least s B;’s occur}.

= P(Mj_,Ai, Ni_, B),)

where Y denotes summation over the indices 1 < i; < -+ <4, <mn; 1 < j; <
- < 1is < n. It is known, see Fréchet (1943), that

Pl = 35 3 (D (wi

Let

t=r+sit+j=t
Then,
—~ i+j—(r+s i—1 J—1 ©
P(r,s;n) ZZP& B;n 722(71)+3 (+)<T_1)<S_1)W(Z,])-
a=r 3=s i=r j=s

Thus, the following bivariate forms of Bonferroni inequalities for any non-negative
integer k£ > 0 are given by

r+s+2k+1 r+a+2k

Z Z g(i,4,t) < P(r,s;n) Z Z 9(i,7,t), (5.2)

t=r+s 14j=t t=r+s 14j=t
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where g(i, j,t) = (=1)"=0T) (21 (I21)W (i, 5), see Meyer (1969). For 2k > n —
r — s the two bounds coincide, hence yielding an equality.

Our aim is to evaluate Cy,., v..,(w,t) using (5.2) by making the function
W (i, j) more specific. Consider the events A; = {U; < 6;’7114“(74))} and B; =
{V; < ﬂ;}ksﬂ(t)} for U;,V; ~U(0,1),i=1,...,n, arranged in an 2 X n matrix.
Then P(r,s;n) = P(Up.y < ﬁ'r“_,fll—'f-i-l(w)"/s:n < Bs_,rlz—s—i-l(t)) = Cu,.,. Voon (W, 1).
The elements taken from different rows are independent and each element in any
given column has the same probability. Then, W (i,j) = >, T (4, j;d), where in
the summation the contribution terms T'(i, j;d) consist of maz(i +j—n) < d <
min(i, j) pairs A;NB; and the remaining pairs being taken from different columns,
ie.

T(i,j;d) = (Z) [C(Bh iy (w), Bkt (D))
% (?_3)[ SERY (1)) K (;1_;)[ IO

see e.g. Galambos (1975). While the formula for the bounds in (5.2) may seem
complicated, its actual computation is quite simple and fast. We first build a table

for binomial coefficients and for the exponents of C(ﬁ;}b_ﬂrl(w), ;ﬂl_sﬂ(t)),

;}krﬂ(w) and B, _,,(t) occurring in (5.3) for given values of n,i,j and d.
The method of calculation is the same whatever the sample size and the bivariate
distribution are.

Let us substitute £ = 0 in (5.2). Then, the simplest Fréchet bounds are given
by

(5.3)

W(r,s) —rW(r+1,s) —sW(r,s+1) < Cuy,.,.v.

sin

(w,t) < W(r,s).

Example 1 (continued) For the data of Example 1 we computed by taking
w = 0.8594, t = 0.6936 the exact value Cu,.,y V1040 (W, ) = 0.5902. Following the
above described procedure we obtain the following inequalities:

E=0: 0.5902 < Cuyo.viono (0, ) < 3.6361;
E=1: 05902 < Cuy.ovions (w,t) < 0.5902

and no further correction was obtained by increasing % in (5.2). Now, for r = 2
and s = 3 by choosing w = 0.1405798, ¢ = 0.9980501 the exact value is

CUziro, Viro (W, ) = 0.1398483.
Using the Fréchet bounds we obtain the following inequalities:
kE=3: 0.1255057 < Cuy.10,Vano (W, t) < 0.3034248;
E=4: 0.1398175 < Cu,yg,viao (W, t) < 0.1406579;
kE=5: 0.1398482 < Cu,.10.Vano (W, t) < 0.1398491;
E=6: 0.1398483 < Cuy.10, Va0 (W, t) < 0.1398483

)
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and no further correction was obtained by increasing k in (5.2). g

The general multivariate form of inequalities (5.2) is given by Meyer (1969).
While the bivariate distribution for each pair of the components may be reason-
able, the vector behaviour in higher dimensions may be either unknown, or may
be such that the computation of these distribution poses difficulty.
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